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Abstract 
Background: 
In the last ten years, artificial intelligence and automation have transformed the nature of work in 
almost every industry. AI-driven systems have taken over, causing psychological challenges that 
were not anticipated by employees worldwide since 2015. A significant amount of research has been 
conducted on the tech and economic aspects of this transition, but there is no cohesive theory that 
unites these two phenomena in relation to psychology. 
Objective: 
The review combines data from 60 peer-reviewed studies published between 2015 and 2025, all of 
which examine the psychological challenges that employees face in the AI age. It is based on the JD-
Res model, which helps explain how new AI-driven stressors (and thus jobs) are being created as 
well as job demands, and how organizations can provide resources to help people cope. 
Methods: 
I used standard review methods, which included searching PubMed and PsycINFO as well as Web 
of Science & Scopus, along with key journals on organizational psychology. From January 2015 to 
December 2025, studies were required to be published in English and evaluate employees' 
psychological outcomes related to AI integration. All research was empirical. The narrative synthesis 
focused on four key points: (1) how AI-based job demands trigger distress, (2) the danger to 
professional identity and fear over outdated skills, (3) technostress and cognitive overload, and (4) 
the role of organizational resources and strategies for managing stress. 
 
Results: 
A definite story is conveyed through the 60 studies that span various countries and industries. First, 
AI brings a heavy psychological burden—placebos, constant need for rehabilitation and repetition of 
skills in new roles; the constant scrutiny of algorithms; and the lack of trust in technology. At 
moderate to severe levels, 25% to 26% of employees express fear of AI. Many individuals are 
experiencing a systematic and gradual erosion of their professional identity, which can be easily 
testified by displaced workers' shared emotions that reflect both grief and existential loss. The 
correlation between lower well-being and feeling overwhelmed by technology, including being 
overwhelmed, bewildered, insecure, or uncertain (r ≈ 0.30-0.40), is significant. By offering clear 
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communication, proper retraining, social assistance in understanding various situations, and 
employee participation in AI's expansion of work, organizations can mitigate the psychological 
impact of these changes. 
Conclusion: 
AI’s arrival at work is more than just a tech upgrade—it’s a complex psychological crisis. Workers 
are losing resources they rely on: their sense of identity, autonomy, employability, and belonging. 
The JD-R model makes one thing clear: when AI introduces new job demands and organizations 
don’t step up with enough support, people struggle. Burnout, anxiety, depression, and falling job 
satisfaction follow. The solution isn’t simple. Companies need to offer mental health services, bring 
clarity around AI’s role, involve people in decision-making, and design technology that puts humans 
first. Still, big research gaps remain. We need more long-term studies, intervention trials, and data 
on the employees most at risk.  
(Keywords: artificial intelligence, workplace psychology, Job Demands-Resources model, 
technostress, job displacement anxiety, employee wellbeing, organizational psychology, systematic 
review). 
INTRODUCTION 
Both aspirations and threats are shared by the modern workforce when faced with artificial 
intelligence: an innovative technology that improves productivity but also raises questions about 
human value in the workplace. The rapid convergence of AI, machine learning, and intelligent 
automation has transformed the landscape of almost all economic domains. The current technological 
transition stands out from previous industrial revolutions in its fast-paced manner, and it also 
encompasses cognitive and knowledge-based work that was previously deemed uniquely human. 
India's information technology industry, which employs 5.43 million professionals and generates 
US$254 billion in revenue (FY 2024), is undergoing a disruption, with 96% of professionals using 
AI tools and 68% fearing job automation within the next five years. The International Monetary Fund 
(IMF) estimates that AI could affect 40 % of jobs globally, while Goldman Sachs believes it could 
replace 300 million full-time jobs with generative AI. These numbers provide not only insight into 
an economic transition but also a profound psychological assessment of the global workforce. 
The Invisible Toll: Beyond Economic Disruption 
Although AI's economic and operational facets have received significant attention, the psychological 
challenges faced by affected workers are still relatively unknown. Why? Early evidence indicates 
disturbing trends: American Psychological Association's 2023 survey. Research conducted in the 
United States on Work in America revealed a rise in workplace stress due to technological 
advancements, while studies from China's service sector found that AI workplace anxiety was linked 
to higher levels of negative emotion and lower levels of personal satisfaction. Indian IT professionals 
facing displacement reported psychological shock, loss of professional identity, chronic anxiety, 
social withdrawal, and the impression of organizational betrayal - all symptoms associated with 
trauma-level psychological distress. 
The impact on individuals is not limited to those who are directly displaced. The psychological strain 
caused by information technology usage, also known as technostress, is reported by employees in 
various industries. These stress conditions include techno-overload, techno-invasion, tech-
complexity, tech-insecurity, and techno–uncertainty. Stressors do not operate independently, but 
rather interact with workplace demands to exacerbate psychological pressures that organizations find 
challenging to manage. 
Theoretical Foundation: The Job Demands-Resources Model 
By using the Job Demands-Resources (JD-R) model, this review provides a methodical approach to 



  Advanced Engineering Science 
  
 

652 
 
 

understanding these psychological issues. The JD-R model, which was created by Bakker and 
Demerouti, suggests that job characteristics can be categorized as either job demands or job 
resources, leading to two distinct psychological processes: a health impairment process and 
corresponding motivational processes. 
Work that requires long-term commitment and incurs physiological or psychological costs is known 
as Job Demand. These work demands may be physical, psychological, social, or organizational. New 
job demands in the AI age include anxiety about technological change, the need for ongoing training 
and development, monitoring of algorithm performance, skill obsolescence, and uncertainty over 
future role responsibilities. However, 
Job Resources refer to activities that can help in attaining objectives, reducing job costs and demands, 
or encouraging personal development. 
The JD-R model's dual-pathway structure provides exceptional explanatory power for AI-related 
psychological challenges. A pathway of health impairment explains how the demands of AI consume 
energetic resources, leading to exhaustion, anxiety, and burnout. Despite the significant 
technological shift, organizational resources can still promote engagement and resilience, as 
explained by this motivational pathway. In essence, the model considers interaction effects, where 
job resources mitigate against the impact of work demands on stress, and job demands increase the 
motivational potential of resources. 
Why the JD-R Model Fits the AI Context 
The JD-R model is particularly suited for analyzing AI's psychological impact for several reasons. 
The flexibility of this framework enables the incorporation of new, technology-specific demands 
without altering the theoretical structure. It also takes into account both general pressures (observable 
in all AI instances) and context-dependent variables (such as job, industry experience, and 
organizational ambiance). The model recognizes that AI adaptation processes exhibit inverse causal 
relationships, which can lead to employees who are burned out creating more resources for 
themselves and others who work actively mobilize their own resources. The framework considers 
both personal and organizational resources, as it captures individual variations in AI-related stress 
responses. 
Research Objectives and Structure 
The review is geared towards three main objectives, which are the rapid pace of technological 
advancement and potential psychological distress, to identify and synthesize empirical evidence that 
addresses the psychological challenges employees face during the integration of AI, analyze these 
challenges using the Job Demands-Resources framework, distinguishing them from AI-related 
demands, while also providing evidence-based recommendations for organizational interventions 
and identified critical research gaps that need to be addressed. 
The review's Methods section provides a detailed account of our systematic search strategy, inclusion 
criteria, and analytical approach. Results, grouped by themes aligned with the JD-R framework, are 
presented in the forthcoming part of the review. Discussions focus on interpreting findings within 
theoretical contexts, exploring methodological limitations, and suggesting research options. The 
Conclusion sums up important information and highlights the need for complex psychological 
interventions in the age of AI. 
METHODS 
This systematic review was conducted in accordance with established guidelines for systematic 
reviews in organizational psychology and occupational health research. The methodology prioritized 
transparency, reproducibility, and theoretical grounding to ensure rigorous synthesis of existing 
evidence. 
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Eligibility Criteria 
Studies were included if they met the following criteria: 

 Population: Employees, workers, or professionals in any industry or occupational group ex-
periencing artificial intelligence integration, automation, or algorithmic management in their 
workplace. 

 Time frame: Published between January 1, 2015, and July 1, 2025. 

 Study design: Peer-reviewed empirical studies employing quantitative, qualitative, or 
mixed-methods approaches. Systematic reviews and meta-analyses were considered if they 
provided primary quantitative findings relevant to employee psychological outcomes. 

 Domains of impact: Psychological well-being, mental health, stress and coping, tech-
nostress, job-related anxiety, professional identity, burnout, organizational commitment, 
work engagement, or related psychological constructs. 

 Language: English. 

 Exclusion: Conference abstracts, dissertations, policy briefs, and purely theoretical essays 
were excluded. Studies focused exclusively on AI technology development without address-
ing employee psychological outcomes were excluded. Studies examining general technology 
use unrelated to AI were excluded. 

 
Information Sources and Search Strategy 
A comprehensive literature search was conducted across multiple electronic databases, including 
PubMed, PsycINFO, Web of Science, Scopus, Business Source Complete, and Google Scholar. The 
search strategy combined Boolean operators around key conceptual domains: 
("artificial intelligence" OR "AI" OR "machine learning" OR "automation" OR "algorithmic 
management" OR "intelligent systems" OR "robotic process automation") AND ("employee*" OR 
"worker*" OR "workforce" OR "personnel" OR "professional*") AND ("psychology*" OR "mental 
health" OR "wellbeing" OR "well-being" OR "stress" OR "anxiety" OR "burnout" OR "identity" OR 
"job satisfaction" OR "work engagement") 
Additionally, targeted searches were conducted for specific constructs including "technostress," "job 
displacement anxiety," "skill obsolescence," and "organizational support." Hand-searching of 
reference lists from key articles and forward citation tracking supplemented database searches. 
Study Selection 
We started with a broad sweep, pulling together 847 articles that seemed relevant. After cutting out 
duplicates and anything not peer-reviewed, we had 312 titles and abstracts left. Two reviewers 
screened these independently. They then looked closer at 156 full articles, checking each one against 
our eligibility criteria. In the end, 60 studies made the cut. When reviewers disagreed, they talked 
things through or brought in a third colleague to settle it. 
Data Extraction 
We used a standardized form to extract data. Here is what we gathered for each study: 

 Basic study details: authors, year, country, design, sample size. 
 Demographics: industry, occupation, age, gender. 



  Advanced Engineering Science 
  
 

654 
 
 

 What kind of AI: general AI, machine learning, robotic automation, algorithmic manage-
ment. 

 Psychological outcomes: what was measured, which tools were used, and how reliable 
those tools were. 

 Main results: effect sizes, prevalence rates, qualitative themes. 
 Theories behind the studies. 
 Any limitations and signs of bias. 

Quality Assessment 
We checked study quality using adapted criteria from the Newcastle-Ottawa Scale for observational 
work and CASP for qualitative studies. Quality indicators included: 
1. Whether research goals and psychological concepts were clear. 
2. If the study design fits the research question. 
3. How they chose their sample and whether it was big enough. 
4. Use of validated tools for measurement. 
5. Rigor in statistical analysis for quantitative studies, or depth of analysis for qualitative ones. 
6. Attention to confounding variables. 
7. Openness about study limitations. 
Each study got a score for every criterion. We did not exclude studies just because they scored low, 
but these scores helped us decide how much weight to give their findings. 
Data Synthesis 
Because the studies varied so much—in design, population, and outcomes—we used narrative 
synthesis instead of a meta-analysis. We organized the evidence using the Job Demands-Resources 
(JD-R) framework. Four themes stood out: 
1. AI-Related Job Demands: anxiety about losing jobs to AI, pressure to reskill, algorithmic 
surveillance, worries about skills becoming outdated, and technostress. 
2. Psychological Outcomes: anxiety, depression, burnout, identity threat, professional self-efficacy, 
work engagement, and life satisfaction. 
3. Organizational Job Resources: support from colleagues, clear communication, involving 
employees in AI rollouts, reskilling opportunities, and designing AI with people in mind. 
4. Individual Resources and Coping: resilience, adaptive coping, managing one’s own career, and 
mindfulness. 
Where we had enough numbers to make comparisons, we summarized effect sizes and prevalence 
rates. For qualitative findings, we looked for recurring themes and experiences. 
Theoretical Integration 
Throughout the synthesis, we used the JD-R model to interpret results. We pinpointed: 

 Which AI factors increase job demands and drain energy? 
 Which organizational practices help buffer those demands or meet employees’ needs? 
 Where demands and resources interact. 
 Whether findings support the model’s dual-pathway structure—health impairment versus 

motivation. 
 How individuals differ in how they perceive and cope with AI-related changes. 

RESULTS 
The systematic review yielded 60 studies published between 2015 and 2025, spanning diverse 
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geographical contexts, industries, and methodological approaches. This section presents findings 
organized by major thematic domains aligned with the Job Demands-Resources framework. 
Characteristics of Included Studies 
Out of the 60 studies that came from 23 countries, the United States had 15 out of 30 studies, whereas 
China had 12 studies. China was responsible for 8 studies in India, 8 for Europe (our European 
partners), and 11 for other countries. The sample size varied between 24 in qualitative 
phenomenological studies and over 12,000 in large-scale surveys, with a median of 389.0. 
Study design was carried out using quantitative methods (surveys, experiments, and longitudinal 
panels), qualitative approaches (interviews & focus groups and case studies) in 12 studies, for which 
20% used quantitative techniques while 10% used mixed methods. The industries that made up the 
sample were information technology (35%), manufacturing (18%), service sectors (22%), healthcare 
(12%), and cross-industry samples (13%). 
1. AI-Related Job Demands and Psychological Distress 
Job Displacement Anxiety and Fear of Redundancy 
The most pervasive psychological challenge identified across studies was displacement anxiety—the 
fear that AI would render one's skills, role, or entire occupation obsolete. This anxiety was not limited 
to workers in routine manual occupations but extended prominently to knowledge workers and high-
skill professionals. 
Prevalence estimates varied by occupation and exposure intensity. Among Indian IT professionals 
facing active AI-driven layoffs, displacement anxiety affected virtually all participants (100%), with 
68% reporting fear of automation within five years. In China's service industry, AI workplace anxiety 
reached moderate levels across demographic groups, significantly predicting reduced life 
satisfaction. European and American surveys indicated that approximately 46-47% of workers fear 
skill obsolescence as AI reshapes workplace requirements. 
Displacement anxiety, which was primarily concerned with work-related factors, had a significant 
impact on one's life satisfaction, family connections, and mental health. According to a 35-year-old 
software developer, the experience was surreal as it felt like the ground had just fallen beneath them. 
I had been presented with a project excellence award just ten days ago. I was informed that my role 
has been fulfilled. 
Displacement anxiety demonstrated dose-response relationships with exposure to AI. Workers in 
organizations with aggressive AI implementation reported higher anxiety than those in organizations 
with gradual, participatory approaches. Importantly, anxiety often preceded actual job loss, with 
anticipatory stress generating psychological burden months before organizational decisions 
materialized. 
Reskilling Pressure and Continuous Learning Demands 
The imperative for continuous upskilling emerged as a significant job demand associated with AI 
integration. The World Economic Forum predicts that in five years, 44% of workers' core skills will 
change, and reskilling will be a major priority. Why? Despite supportive job-based learning 
opportunities, the need to constantly learn new skills to prevent obsolescence is often perceived as a 
stressor. 
Multiple studies have reported the psychological impact of retraining demands. Employees stated 
that they were consistently let down, had a sense of being out of sync with technology, and struggled 
to keep up. The phrase "running to stand still" evoked in employees the feeling that, despite 
continuous learning, they could never attain security or mastery. A persistent sense of utter failure, 
particularly when organizations did not provide sufficient time, resources, or support for skill 
development, led to burnout. 
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Age-related differences in reskilling experiences emerged, with older workers (45+ years) reporting 
greater anxiety about learning new technologies despite often possessing valuable contextual 
knowledge. However, contrary to stereotypes, actual learning capacity did not necessarily decline; 
organizations' assumptions about older workers' adaptability and exclusion from training 
opportunities created self-fulfilling prophecies of obsolescence. 
Technostress: A Multidimensional Strain 
Technostress—psychological strain resulting from the inability to cope with information and 
communication technologies—emerged as a central construct across multiple studies. The five 
dimensions of technostress identified in seminal research by Ragu-Nathan and colleagues manifested 
distinctly in AI contexts:- 
Techno-overload: The rise in work pace and volume was attributed to AI systems, which also caused 
human workers to overwork beyond sustainable productivity targets. The AI-directed goals in 
algorithmic management settings (e.g, Amazon warehouses, ride–sharing platforms) were found to 
be insensitive to human variability and fatigue, as well as contextual factors, resulting in intense 
pressure and exhaustion for workers who reported this phenomenon. 
Techno-invasion: Work-life balance was compromised due to the constant AI connectivity and 
monitoring that allowed workers to stay connected 24/7, resulting in techno-invasion. Through the 
use of wearable devices and mobile applications, personal time was eroded, as well as autonomy, 
through constant monitoring and assignment of tasks. 
Techno-complexity: Despite the inherent intricacy of AI technologies, individuals often expressed 
frustration and self-doubt when they functioned as "black boxes" with unclear decision-making 
processes. Understanding and anticipating AI system behaviors made workers feel inadequate, 
resulting in a lack of competence. 
Techno-insecurity: Insecurity was prevalent due to the fear of AI taking over workers or 
outperforming colleagues with better skills in comparison. The correlation between anxiety and 
depression in this dimension was strongest among all studies (r ≈ 0.35-0.40). 
Techno-uncertainty: Instability of AI technologies was a constant process, necessitating constant 
adjustment without any certainty about which skills would remain relevant due to the unpredictable 
and rapid advancements in technology. Positive emotions can be triggered by techno-uncertainty 
when perceived as an opportunity rather than a threat, but this was subject to significant variation 
depending on organizational dynamics and individual resources. 
Across studies employing validated technostress measures, correlations between technostress 
dimensions and negative outcomes ranged from r = 0.28 to r = 0.40 for anxiety and depression, and 
r = -0.18 to r = -0.41 for life satisfaction and wellbeing. Mediation analyses revealed that technostress 
operated largely through its impact on emotional states—generating negative affect while 
diminishing positive affect—which in turn reduced quality of life. 
Algorithmic Management and Autonomy Erosion 
A growing subset of research examined algorithmic management—the use of algorithms to assign 
tasks, monitor performance, and evaluate workers. Algorithmic management, which involves 
assigning tasks and evaluating performance and workers through evaluation, has become a growing 
field of study. These studies consistently found that algorithmic management eroded worker 
autonomy, a fundamental psychological need according to Self-Determination Theory and a critical 
job resource in the JD-R framework. 
The algorithmic management of work made workers feel like they were "cogs in a machine," where 
algorithms-controlled work processes without considering individual judgment, expertise, or 
contextual knowledge. This was true for the majority of employees. This loss of autonomy led to 
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several negative outcomes: burnout, a perceived threat, reduced job satisfaction, and diminished 
organizational commitment. 
Specifically, findings showed that even as performance outcomes improved, the negative effects of 
algorithmic management persisted. It suggests that psychological well-being does not necessarily 
correspond to productivity. The pursuit of algorithmic targets by workers can result in significant 
psychological pressure, which is reminiscent of the traditional labor theory's concept of alienation. 
Professional Identity Threat and Existential Distress 
In addition to worries about job security, AI integration also posed an issue with workers' 
professional identities, which were their perceived sense of self in relation to their work. According 
to various qualitative studies, job displacement was not just a result of economic hardship but also 
constituted an existential crisis. 
Individuals in the workforce reported feeling disregarded and irrelevant, using terms that matched 
their abilities and personality. According to a 38-year-old systems analyst, they spent 10 years 
building backend systems. A faster-paced operation is now being claimed by some. Workers whose 
careers were integral to their self-concept and social identity struggled greatly with the erosion of 
their identity. 
The phenomenological study of Indian IT professionals identified professional identity loss as a key 
theme, along with feelings of diminished self-esteem, confidence loss, and internalized obsolescence. 
This was consistent with the findings from this study. Workers experienced a type of anticipatory 
grief, grieving not only for their previous roles but also for the opportunities they had envisioned for 
themselves. Beyond work, this disintegration of identity affected family relationships, social 
hierarchy, and purpose in life. 
2. Mental Health Outcomes: Anxiety, Depression, and Burnout 
Prevalence and Severity 
Studies employing validated mental health instruments documented concerning prevalence rates of 
psychological distress among workers experiencing AI integration: 

 Anxiety disorders: Prevalence ranged from 25-40% reporting moderate to severe anxiety 
symptoms directly attributed to AI-related workplace changes. 

 Depressive symptoms: Between 8-25% of workers reported clinically significant depressive 
symptoms, with higher rates among those experiencing actual displacement versus anticipa-
tory threat. 

 Burnout: Measured using the Maslach Burnout Inventory or similar instruments, 30-45% of 
workers in AI-intensive environments reported high emotional exhaustion, with approxi-
mately 25-35% experiencing high depersonalization. 

 Somatic complaints: Physical manifestations of psychological distress were common, includ-
ing insomnia (40-55%), headaches (35-48%), gastrointestinal issues (22-30%), and cardio-
vascular symptoms (15-28%). 

Despite their differences, the prevalence rates were significantly higher than both the baseline levels 
for the general population and those of non-AI-affected workers, suggesting that AI integration poses 
a significant occupational health risk. 
Mechanisms of Psychological Distress 
Researchers have dug into why AI exposure hits mental health so hard. Here’s what stands out: 
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Cognitive appraisal matters. A worker’s personal view shapes their mental health response. If they 
see AI as a threat, especially one they cannot control, anxiety and avoidance go up. But if they see it 
as a challenge—something they can handle—they stay more engaged and cope better. 
Rumination and premonitory anxiety are significant factors. A lot of workers are haunted by the 
prospect of being laid off, lacking skills, or facing a difficult future. Despite their absence, these 
thoughts persist and make it difficult to concentrate, sleep, or carry out daily activities. Losing a job 
can be more challenging than not being aware. 
Resource loss spirals kick in fast. Conservation of Resources theory explains this: AI-driven stress 
leads to losing important things—like job security. That loss triggers more losses, from self-esteem 
to social support to financial stability. The cycle feeds itself and mental health keeps declining. 
Social comparison and relative deprivation make things worse. Workers compare themselves to AI 
systems or to colleagues who adapt easily. Those who struggle feel inadequate, especially when 
management rewards the “AI naturals” and leaves others behind. 
Job Burnout as Central Mediator 
Mediation analyses across several studies point to job burnout as the main pathway linking AI-related 
job demands to broader well-being problems. Algorithmic management ramps up burnout (β = 0.25–
0.35), and that burnout drags down workforce wellbeing (β = -0.35 to -0.45). 
The three dimensions of burnout, including emotional exhaustion, depersonalization, and reduced 
personal accomplishment, are all contributing to the problem. Intense, unpredictable demands made 
by AI lead to exhaustion. The algorithms' increasing control over jobs makes workers feel isolated, 
cynical, and depersonalized. The absence of recognition by algorithms of human effort diminishes 
workers' sense of achievement. 
Burnout mediates these relationships even when AI barely budges other measures of well-being. The 
psychological toll seems to come less from direct emotional reactions and more from a steady drain 
on energy and engagement. 
3. Protective Factors: Organizational Job Resources 
The review highlights psychological barriers, but also acknowledges substantial evidence that 
organizational practices buffered AI's adverse effects, in line with the JD-R model's approach to 
resource utilization. 
Transparent Communication and Participatory Implementation 
Early communication regarding AI implementation plans from organizations was found to be 
effective in reducing employee anxiety and resistance. Explanation of AI systems' actions, impact 
on job responsibilities, implementation timelines, and employee feedback mechanisms were all part 
of the transparency process.  
Employee involvement in the design and implementation of AI systems was demonstrated to have a 
significant protective effect through participatory approaches. If workers could speak and choose 
during technological changes, they viewed AI as more positive than negative (OR = 2.3 for positive 
attitudes).' Having autonomy in decision-making and interaction with AI tools boosts motivation, 
while also decreasing technocratic stress. 
Organizational Support for Reskilling 
Advanced training programs greatly reduced the anxiety that came with AI and made it more 
resonant. Why? Effective programs shared common ground: ample time for learning, adapted 
instruction to suit different learning styles, practice using AI tools, and the ability to ask questions 
and make mistakes without penalty from a psychological perspective.  
The training needed to go beyond technical skills and include sense-making, which helped employees 
comprehend the strategic implications of AI adoption and how their roles would change instead of 
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disappearing. The utilization of training in its current form as career development was more effective 
and beneficial than remediation. 
Social Support Networks   
People who receive assistance from their supervisors, colleagues, family members, and friends are 
shielded from the psychological strain that often arises due to AI in the workplace. In addition to 
emotional support, there are practical tips like technology pick-ups and reminders of where you're 
at, as well as opportunities for collaboration when problems arise. Despite the prevalence of the 
collectivist ideal, social support is more significant in countries like China and India. Studies 
conducted there indicate that it reduces anxiety related to AI (with buffering effects ranging from 
+0.098 to -0.35), suggesting that culture affects people's work requirements. The presence of peer 
support programs like mentorship and collaborative learning communities is noteworthy. 'These 
measures not only help people cope but also reduce stress related to AI, making them particularly 
useful for organizations that want to protect their teams.’ 
Person-Job Fit and Adaptive Work Design   
AI’s psychological impact depends a lot on person-job fit—the match between what the job asks for, 
what people can do, and what they want from their work. When AI handles tasks nobody wants or 
boosts tasks people value, job satisfaction and engagement rise. But force a worker into a role that 
clashes with their strengths or interests, and well-being slips fast. This makes adaptive work design 
critical. Companies need to shape AI rollouts so human contributions stay meaningful. The goal is 
not to push people aside, but to let AI amplify human judgment and allow for personalized, flexible 
ways to collaborate with technology. 
Individual Differences in Vulnerability and Resilience   
Not everyone reacts to AI the same way. People’s resources and vulnerabilities set the stage for how 
they handle change. 
Personal Resources   
The possession of self-confidence is a valuable attribute, as it fosters confidence in one's abilities. 
Only individuals who are self-assured and confident in their abilities perceive AI as a problem. Why? 
They develop new skills, demonstrate initiative, and increase their intelligence.' Interventions that 
enhance self-efficacy by leveraging peer learning or AI machine interaction are effective. Why? 
People remain focused on their task, optimistic, and motivated by the impact of AI. However, there 
is a drawback: When individuals believe they can handle things and anticipate that everything will 
be easy, they become unprepared. Both self-reflection and optimism are essential. 
Those who thrived or were floundering during AI transitions had different career resilience, which 
was the ability to adapt and maintain momentum in occupational disruptions. Resilient workers were 
able to learn without limitations, maintain varied skill portfolios, develop extensive professional 
networks, and demonstrate psychological flexibility in redefining career identities. 
Demographic and Occupational Variations 
Age: Despite the lack of conclusive evidence on actual performance differences, older employees 
were more concerned about AI adoption. Why? AI training allocation and promotion decisions were 
influenced by ageism, which further disadvantaged older workers. Organizations often overlook the 
valuable experience and contextual knowledge of older workers. 
Gender: While gender differences were not extensively studied, there is some evidence to suggest 
that women in tech industries, where males hold positions, experience stress caused by fear of AI 
and sustained bias. Women reported a decrease in their access to informal mentoring on AI tools. 
Occupation: While AI anxiety is less likely to replace their own eyes, occupation paradoxically 
suggests that cognitive expertise was a risk factor for knowledge workers. Data entry and basic 
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customer service workers, who were routine cognitive workers in general, had the highest 
displacement risk and anxiety. 
Those employed in fields that heavily rely on AI, like IT and finance sectors or manufacturing 
industries, experienced greater acute distress than those working within emerging industries such as 
education and healthcare. This was particularly evident during this period. 
Adaptive vs. Maladaptive Coping 
Research revealed a range of coping styles, from adaptive to maladaptive: - 
Adaptive techniques such as proactive skill development, cognitive reframing, problem-based 
approach to coping, mindfulness practices, maintaining social connections, and seeking professional 
help were employed. 
Maladaptive methods were utilized, including abandonment, substance abuse, isolation, excessive 
reflection, and premature career change. The long-term psychological consequences and job loss 
were expected with maladaptive coping. 
 
DISCUSSION 
Integrating Evidence Through the Job Demands-Resources Framework 
The systematic review gathered results from 60 studies that investigated psychological obstacles 
faced by employees in the AI age. According to the JD-R model, integration with AI is a complex 
organizational change that introduces new job demands and threatens existing job resources. This 
psychological burden is distributed across the emotional, cognitive identity and somatic domains but 
can vary greatly in organizational responses as well as a person's characteristics. 
AI as New-Age Job Demands 
There is strong evidence that AI stressors can be conceptualized as job demands, which are aspects 
of work that require long-term commitment and have high psychological costs. Five demands for AI 
were formulated: - 
Displacement Threat: The fear of job loss or skill obsolescence represents perhaps the most 
fundamental demand, activating existential concerns about livelihood, identity, and future security. 
Continuous Reskilling Pressure: The constant need to improve new skills leads to persistent 
performance anxiety and cognitive burden, especially when organizational support is lacking. 
Technostress dimensions: It encompasses the four-dimensional demands that workers face in terms 
of their adaptive capacities, which are known as techno-overload, techno–invasion, and techno—
complexity. The technological pressure also presents difficulties for them. 
Unemployment: Algorithmic management practices impede worker autonomy and decision-making, 
undermining the fundamental psychological need for independence. 
Identity Threat: The psychological basis of self-concept and meaning-making is at risk when AI 
questions the importance of workers' skills, knowledge, and professional identities. 
These demands do not operate independently. Instead, they work in tandem, with displacement threat 
amplifying technostress, which then undermines professional identity and leads to downward spirals 
of psychological distress. The JD-R model acknowledges that various job demands can result in 
cumulative and multiplicative effects that exceed the sum of individual impacts. 
Organizational Job Resources as Protective Buffers 
Despite the challenges, evidence also identified organizational practices functioning as job 
resources—factors fulfilling psychological needs, reducing demands, or facilitating growth. Critical 
resources included: 

• Transparent, participatory AI governance: Communication and voice in decision-making 
reduced uncertainty and enhanced perceived control. 
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• High-quality training and development: Investment in skill development buffered obso-
lescence anxiety while signalling organizational commitment to employee futures. 

• Social support systems: Supervisory and peer support provided emotional validation, 
practical assistance, and collective coping resources. 

• Adaptive work design: Person-job fit optimization and human-centered AI implementa-
tion preserved meaningful human contributions. 

The outcomes confirm the resource pathway of the JD-R model: organizations that foster job 
resources can sustain employee engagement and well-being even in times of high demand. In 
addition, the interaction effects were observable, with job resources serving as a buffer for demand-
stress relationships, and social support and autonomy being particularly effective in mitigating the 
effects of technostress. 
The Dual Pathways: Health Impairment and Motivation 
The JD-R model posits two parallel pathways: job demands trigger a health impairment process 
leading to exhaustion and burnout, while job resources activate a motivational process fostering 
engagement. Evidence from this review strongly supported both pathways. 
The health impairment process was clearly demonstrated: AI-related demands consistently predicted 
increased anxiety, depression, burnout, and somatic complaints across studies. Mediation analyses 
confirmed that burnout served as a central mechanism linking AI exposure to reduced well-being, 
with standardized path coefficients typically ranging from β = 0.25 to β = 0.45. This process aligns 
with the Conservation of Resources theory: AI integration threatens or depletes valued resources (job 
security, competence, autonomy), precipitating psychological strain. 
The less researched motivational pathway also made an appearance in studies that aimed to improve 
the integration of AI. Workers reported higher levels of engagement, innovation, and job satisfaction 
when given sufficient resources by organizations, including autonomy over AI tool use, skill 
development opportunities, or participatory implementation. These findings were based on these 
studies. According to the results, AI does not necessarily harm well-being, but rather its effects are 
dependent on the balance between demands and resources provided. 
Personal Resources: The Third Pillar 
AI's psychological impact was tempered by personal resources like self-control, optimism, and 
resilience, as well as career flexibility, which were consistent with the recent JD-R model. The 
perception of AI was more challenging, assertive, and well-being-focused when compared to those 
with fewer personal resources. People with personal resources were more likely to use their personal 
resources effectively than those who had less, reflecting the interdependence of personal and 
organizational factors. 
These findings carry important implications. The assumption that employees have enough personal 
resources to handle AI transitions should not be a requirement for organizations; instead, effective 
management may require the delivery of resource-building interventions, such as resilience training 
and self-efficacy enhancement. This is especially important for vulnerable groups. 
 
 
Critical Themes Across Studies 
The Primacy of Identity 
Perhaps the review's most striking finding was the centrality of professional identity threat. While 
displacement anxiety received much attention, deeper qualitative inquiries revealed that workers' 
distress stemmed as much from existential questions about relevance and meaning as from economic 
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concerns. AI challenged not just livelihoods but fundamental questions: "Who am I if my expertise 
becomes obsolete?" and "What is my value if machines perform my work better?" 
This kind of identity issue is different from past technology changes. Before, industrial changes 
mostly affected jobs that required physical work and created a need for people who could think and 
solve problems. Now, the AI revolution is challenging the very idea of intellectual work, which puts 
at risk the sense of self for knowledge workers who have built their careers around their mental skills. 
To deal with this identity problem, solutions need to go beyond teaching new skills. They should 
also help people find purpose, offer guidance for their career paths, and create chances to build new 
professional roles that work together with AI instead of being replaced by it. 
The Paradox of Skilled Workers' Vulnerability 
Contrary to intuition, highly skilled knowledge workers—particularly in IT and professional 
services—reported substantial psychological distress despite lower objective displacement risk. This 
paradox likely reflects identity investment: workers whose self-concept is deeply tied to specialized 
expertise experience greater psychological disruption when AI questions that expertise. Additionally, 
skilled workers may have fewer alternative career paths and higher career-specific human capital 
investments at risk. 
These results show that how economically vulnerable someone is and how they feel mentally 
vulnerable don't always match up. Companies need to care about the mental effects on workers even 
if their jobs seem safe. Changes in what their work means, how much control they have, and their 
sense of being a professional can cause a lot of stress, no matter if they're still employed or not. 
The Double-Edged Sword of Techno-Uncertainty 
A fascinating revelation was made regarding the swift and unforeseeable transformations that can 
result from AI, necessitating continual adaptation. This type of uncertainty is often regarded as an 
unease, but some research has demonstrated positive outcomes. For example, it can encourage 
curiosity, stimulate learning, and even make one happy. This occurs when individuals perceive 
uncertainty as a chance rather than an act of fear, and when they have the resources, such as time or 
motivation, or mental capacity, to handle new challenges. 
The positive effects of uncertainty are reflected in this. People's perception, belief, and perspective 
are all factors that can influence their reactions towards this. Businesses could shift their perspective 
on AI development and learn from experts. By offering opportunities for discovery and a secure 
environment, they can make uncertainty explode. 
 
Geographic and Cultural Contexts 
The review utilized research from various fields and identified significant differences. In collectivist 
cultures like China, India, and Southeast Asia, the protective effects of social support on AI distress 
were particularly potent. Positive psychology was enhanced by cultural values that prioritized the 
importance of cooperation and shared benefits. 
However, in more individualistic Western contexts, the importance of personal resources (self-
control, optimism) tended to increase. The tendencies in this regard are consistent with cultural 
psychology research, which indicates a systematic variation in well-being sources across cultures. 
The cultural adaptation of organizational interventions should include collective aid in collectivist 
environments and individual empowerment in individualistic contexts. 
Methodological Strengths and Limitations 
Strengths of the Evidence Base 
Several methodological advantages were present in the included studies. Large sample sizes, ranging 
from small-scale surveys to population–level estimates, enabled triangulation across methods. 
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Second, the use of validated psychological instruments such as the Maslach Burnout Inventory, 
DASS, QOLS, and technostress scales improved measurement precision. Advancing from traditional 
theoretical frameworks such as Self-Determination Theory, Conservation of Resources Theories, and 
the JD–R Model offered interpretive coherence. 
Limitations and Biases 
Despite the strengths, confidence in findings is constrained by significant limitations. Approximately 
70% of studies use cross-sectional designs, which prevent causal inference. Although longitudinal 
studies could support causal claims, the fast-paced nature of AI makes it difficult to maintain long 
follow-up periods. 
Moreover, self-report measures became the primary evidence base and caused worries about 
common method bias in addition to social desirability and recall accuracy. Several studies did not 
use any objective indicators (e.g, cortisol levels; healthcare utilization, performance metrics) to 
validate subjective distress reports as valid. 
The possibility exists that publications may bias effect size estimates, leading to underrepresentation 
of studies that reveal positive or negative effects on AI research. However, the review did find a few 
studies documenting psychological benefits from AI integration, suggesting either a real tendency 
toward side effects or only some harm-seeking literature published on the subject. 
Both populations and AI types have limitations in terms of generalizability. Research focused on IT, 
manufacturing, and service sectors, with little to no work done in the health sector, education, or 
public sector. Moreover, "AI" involves a diverse array of technologies, including basic automation 
and advanced machine learning, that may have dissimilar psychological effects in current 
investigations. 
Most studies neglected to consider intersectionality.? The impact of AI can be influenced by various 
factors, including the systems of older tech-savvy women and their technological backgrounds, but 
few studies examine the complexity of such effects. 
Research Gaps and Future Directions 
Several critical research gaps emerged: - 
1. Longitudinal Investigations 
A prospective study would investigate how AI is being implemented and involve workers during 
different phases of its implementation (pre-implementation/transition/post-adaptation), to gain 
knowledge about time, identify appropriate intervention opportunities, and distinguish between 
transient adjustment reactions and chronic psychological damage. 
2. Intervention Trials 
Although the field has identified protective organizational practices, rigorous evaluation of 
psychological interventions is not available. Participatory implementation protocols, resilience 
training, and other interventions could be tested in randomized controlled trials to yield actionable 
evidence for organizations. 
3. Positive Psychology of AI 
This study focused on the downsides and did not dig into the possible psychological upsides of using 
AI—things like clearing away tedious work, sharpening human skills, or opening doors to fresh, 
creative projects. Future research needs a more balanced take. We need studies that explore what 
helps AI boost well-being, not just what holds it back. That matters here. 
4. Underrepresented Populations 
Emphasis should be given to vulnerable worker groups, including those in gig economy and platform 
workers who are under intense algorithmic control; women in tech fields who have been worsened 
by male-dominated companies; older workers with ageism and displacement fears; workers in low- 
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and middle-income countries where social safety nets are sparse; and workers with disabilities who 
may benefit from AI accommodations but face accessibility challenges. 
5. Mechanistic Research 
Despite the abundance of correlational evidence, mechanistic understanding remains insufficient. 
How does psychology inform the interactions between AI and wellbeing (e.g. cognitive appraisal 
types, coping strategies, "slumber " thoughts)? How does artificial intelligence handle stressors that 
can affect the user's temporary happiness and performance? What are the variations in it day-to-day? 
Ecological momentary assessment techniques and experience sampling are potential approaches to 
explain micro-level processes. 
6. Human-Centered AI Design 
The use of human-computer interaction research and organizational psychology could lead to the 
development of more individualized designs for human–centered artificial intelligence. How can AI 
systems be designed to fulfil physiological needs rather than suppressing them? Which transparency, 
control, and feedback features are the most beneficial for human-AI collaboration and long-term 
sustainability? 
 
7. Cross-Cultural Comparative Research 
The psychological responses to AI that are influenced by culture would be identified by comparing 
cultural contexts. Is there a systematic variation in protective factors among different cultures? To 
what extent does AI affect psychology, considering labor market institutions, social policies, and 
cultural narratives concerning technology? 
Practical Implications 
The practical implications of the evidence are evident to organizations, policymakers, and mental 
health practitioners. 
For Organizations: 
1. Put psychological safety first when making changes with AI. Keep communication simple, 
encourage people to make decisions, and make sure they know their expertise matters. When people 
feel secure, they get stability that lasts. 
2. Build training systems where everyone feels included. Offer things like vocational rehab, career 
counseling, and help with rebuilding a sense of identity. 
3. Design AI with people at the center. Trust human judgment, recognize the value of real work over 
what machines produce, and aim for better results and real prosperity. 
4. Build social support networks: Formal mentoring programs, peer learning communities, and 
consistent supervision act as buffers for AI-related pressure while promoting teamwork. 
5. Adapt treatments accordingly: One-size fits all strategies do not account for inconsistencies 
between needs. Different skills may be required by older workers compared to younger workers, and 
schedule mental laborers face different obstacles than imaginative workers. 
For Policymakers: 
1. Set clear occupational health rules for algorithmic work. Don’t just focus on physical safety—
build in real psychological protections too, and anchor them in existing laws. 
2. If we want to ease the psychological strain caused by AI, we need to strengthen our mental health 
system. That means more funding, especially for programs that help workers navigate tech-driven 
job changes, and making sure employers step up with real support. 
3. When organizations put people’s well-being first as they roll out AI, they should get something 
back. Tax breaks, special certifications, or a leg up in government contracts—all these push 
companies to take psychological health seriously. 
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4. Want a workforce that can handle change? Public money should go to affordable, widely available 
reskilling programs. This eases the load on individuals and makes the whole system tougher and 
more adaptable as technology moves forward. 
For Mental Health Practitioners: 
1. Construct AI-specific therapeutic approaches: Clinicians should be educated on how to use AI for 
the treatment of identity threats, displacement anxiety, and technostress using evidence-based 
interventions. 
2. Integrate career counseling into mental health care: The impact of AI-induced psychological 
problems often necessitates interdisciplinary approaches that address both professional and personal 
concerns. 
3. Supportive peer support and collaborative coping mechanisms: Workers can use group 
interventions to exchange experiences, normalize reactions (and therefore develop their own 
strategies). 
CONCLUSION 
This review of 60 studies gets straight to the point: bringing artificial intelligence into the workplace 
is not just a technical shift—it is a massive psychological challenge for today’s workers. The Job 
Demands-Resources model spells it out. AI creates a fresh set of stressors that can lead to job loss, 
ongoing learning pressure, excessive technical difficulties, and lingering doubts about one's career 
path. Companies' expectations of people handling this matter alone create pressure. Burnout, anxiety, 
depression, and a decline in workers' overall health are the immediate triggers. What happens next? 
Let us break it down. The deep psychological impact of AI is the first.? It is not limited to those who 
fear being laid off. The occurrence is felt by entire teams, who are anxious about the future, confused 
by role changes, and even having to answer to algorithmic bosses. Serious psychological issues are 
not a peripheral issue, as 25% to 68% of employees report experiencing severe symptoms. It is an 
occupational health crisis. 
Second, this goes beyond job security. AI shakes people’s sense of competence, relevance, and 
meaning at work. It rattles their professional identity. If companies think reskilling alone will fix 
this, they are missing the point. People need to rebuild their sense of purpose, too. 
Third, what organizations do next is crucial. The right moves—clear communication, including 
workers in decisions, solid training, social support, and human-centered design—make a real 
difference. Companies are not powerless. The impact of AI isn’t just built into the tech itself; it is 
shaped by how organizations choose to manage the change. 
Fourth, risks do not always have a universal impact. Why? People have diverse backgrounds, employ 
diverse methods of coping, and work in diverse environments. All of that has a bearing on how AI 
will react to them. Blanket solutions are not effective.' Answers that are relevant to people's everyday 
lives. 
The research, as a fifth point, has some gaps that need clearing. A considerable amount of it is 
dependent on self-reports and cross-sectional surveys. There is little substance to these methods 
beyond that. The matter of the harm and its resolution is not explored by them. What is missing? We 
need to conduct long-term studies, trials, and research to track the effects of AI on mental health over 
time. 
What makes a difference? It is complicated. Real change comes from participatory governance, 
hands-on training, and tech designs that put human values first. Mental health support cannot just be 
a box to check—it needs to offer genuine counseling. Smart regulation matters too, along with 
investing in new skills and giving companies reasons to use AI that protects people’s psychological 
well-being. And, of course, helping folks build resilience and better coping skills pays off. 
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AI is not slowing down. The technology cannot be halted. In what way can we collectively influence 
these modifications? Might AI intensify stress and alienation, or could it prompt us to reevaluate our 
jobs in ways that lead to increased happiness? (Note: According to the evidence, we have control 
over it.) It is within the power of organizations, policymakers, and communities to decide. 
In the end, workers are the ones living through this upheaval. They deserve more than promises of 
greater efficiency and productivity. They need protection, purpose, and real help as work transforms. 
This is not just the moral thing to do. Prioritizing people’s health isn’t some luxury—it is the smartest 
move for everyone. 
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